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* (RQ1) How do HCP’ s perceptions of current Al limitations
influence their differentiated trust and what role does
explainability play in fostering justified trust?

* (RQ2) What type of explanations do HCP require regarding
Al system recommendations?
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Structure of questionnaire
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Figure 2: Structure of questionnaire, grouped according to thematic

blocks.
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Sociodemographic profile

N =41
Work Sector Specialty
General
Medicine
7 Dermathology
ﬁ 34% Surgery

Private.

Public

. Radiology
. Pediatrics

Age (years) Gynecology g
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Neurology @

61% 27%
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Al Literacy level

With prior experience

n=21
Weekly use (33.3\%)
13 6
*  Early detection -
*  Support for diagnostic L +  Searching for medical
confirmation Clinical use . . information
+  Treatment planning Non-direct clinical uses . Rgeport writing

+  Triage case prioritization

«  Second clinical opinion * Personal consultations

¢ Learn
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Trust and Perception of HCP towards Al systems

I I ‘—r Low trust

Figure 5: Level of trust in Al systems (Q14), Attitudes towards Al
healthcare systems(Q13)
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s generating trust

9. Indicate the level of importance that the ollowing characterstics
‘of Al systems in the healthcare setting have for you (Q16)
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Generic information and lack of clinical context push HCP to demand clinical validation and bias rigour above all. Explainability is complementary.
Explainability supports (but does not replace) that foundation, and only when it is contextualized and clinically relevant

Figure 6: Aspects generating uncertainty about Al systems (Q15).
Factors generating trust in Al systems (Q16)
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Perception of HCP towards Al systems information
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aking
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Figure 7: Most relevant problems of current Al systems (Q24)
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XAl in clinical scenarios

Indicate the importance of explanations from Al systems.
in the following clinical scenarios: (Q18)

Emergency cases (imited time) ™ % 2% 30% 2%

Hiah-severity diagnosis or treatment % E3 2% 26% %
wnen there s uncetanty n tre e = % 20% 20%
when there i igh sk assclated with % 5% 2% 30% 2%

clinical decision

Routine scraaning cases 7% % 0% 15%

When you need to explain the decision to o % % 0% %%
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When you need to explain the decision to 15% % 8% 105 20%
the patient

Nona Low Modarata High Very High

Figure 8: Importance of XAl in different clinical scenarios (Q18)
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Level of detail in explanations

When do you consider that detailed explanations
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Figure 9: Level of details(Q20) and characteristics of details in different
scenarios(Q23)
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of explanations

How useful would the following types of explanations
in your medical practice? (Q17)
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Figure 10: Types (Q17) and characteristics of explanations(Q19)
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Types and characteristics of explanations in agree (Q22) or disagree
scenarios(Q21)

If you DO NOT agree with the recommendation of a healthcare Al system, what information do you need to make the final decision? (021)
If you AGREE with the recommendation of a healthcare Al system, what additional information would you value recei

= Q21 (Disagree)
Q22 (Agree)

50

w S
8 8

% of participants

3

Explanation of why the Al | Performance metrics
e

Level or the the  Examples of cases where
(sensitivity/specificity) confidence of the  (what changes in the data  consistency of the Al rules or criterla the Al the Al system has failed

recommendation in a for this type of case recommendation

system in similar system has followed (false positives andor
specific case populations (variabilty false negatives)
‘which should remain or stability of
constant to maintain the predictions)
rediction)

Local explanation

Figure 11: Types of explanations in case of agree or disagree output Al
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® E-mail recruitment may have introduced self-selection bias,
potentially overrep- resenting professionals with a prior
interest in Al.

® Sample is geographically concentrated in Navarra, Spain
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